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Implementing the Expected 
Credit Loss model for receivables 
A case study for IFRS 9 

  

 Corporates Treasury 

  

 

Many companies are struggling with the implementation of 

the Expected Credit Loss model according to IFRS 9. Below 

we present some examples for the Simplified Approach in 

receivables from goods and services, what an 

implementation could look like and which aspects could be 

automated. 

The new impairment model under IFRS 9 foresees risk 

provisioning for expected credit losses, which is a 

change from the method used so far which only looked at 

actual credit losses. Accounting thus becomes more of a 

forward-looking credit-risk management; this requires a 

model for value credit loss risks for all financial assets that 

are not valued according to market value. 

 

Today’s article focuses on the implementation of the 

simplified approach, which is also used for receivables from 

goods and services as well as contractual assets (revenue 

from contracts with customers) under IFRS 15. 

IFRS 9 does not stipulate any specific requirements 

regarding the design of the model. In practice, however, 

mostly two approaches are used to determine the ECL 

(expected credit loss): 

 

1. Provision matrices based on company-internal, 

historical default data and past-due dates 

2. Valuation method using the likelihood of default  

 

What is common for both approaches is that they depend 

very much on probability-weighted occurrences and that 

they have to be adjusted by forward-looking macro-

economic information. Often, historical data held by a 

company is not very representative because defaults due to 

economic cycles or business models are relatively rare. 

However, IFRS 9 does not allow a simple projection of past 

business, i.e. the standard makes a case that a certain 

percentage of default is likely even for clients with good 

credit standing. In other cases, the records available in the 

enterprise resource planning (ERP) system do not allow a 

sufficiently granular analysis of historical defaults. It is for 

this reason that the use of a valuation method where the 

ECL is determined based on the probability of default is a 

good idea, which is then applied to the receivables. 

How this model is applied in three steps will be discussed 

below using some examples. 

 

Example: impairment model 

1. Defining the model’s parameters 

To begin with, the company has to define the required 

input parameters and the availability of the necessary 

data. Besides using the ERP, data could also be drawn 

from risk-management systems, e.g. in receivables 

management, where there is often already quite a bit 

of relevant data. The following information is necessary 

for the model: 

 Book values of receivables from goods and 

services as well as revenue from contracts with 

customers; 

 Time to maturity on contracts; 

 Collateral; 

 Clients’ names and addresses; 

 Ratings or scorings; 

 Probability of default (PD). 

 

In many cases, neither rating/scoring data nor 

probability of default applicable to the company’s client 

base is available, especially in the case of 

heterogeneous and internationally active corporations. 

Scoring services, rating agencies and credit insurance 

could provide relief in this instance as these usually use 

exactly this data to determine credit risk. 

 

Oftentimes, a quick look at Treasury’s already available 

market data system, which offers ratings and default 

probabilities for many exchange-listed companies as 

well as at industry level, can at least be used for an 

initial quantification or for an individualized look at a 

large client. 

 

Proceeding in a structured way is also a good idea 

because the corporation has to explain the individually 

applied input data, assumptions and methods used to 

determine the provisioning against risks in the Notes. 
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2. Specification and data collection  

In a second step, the corporation has to actually collect 

the data and it has to be integrated into the model by 

IT. The basis for the valuation is the risk exposure, in 

this case the book values of the receivables (exposure 

at default, EAD). Risk-mitigating collateral, such as 

credit insurance or Hermes sureties can either be 

deducted directly from the exposure or integrated at 

the end by using a weighting factor. Deductibles and 

other clauses that could leave the corporation sitting on 

residual risks should not be ignored. 

 

For the valuation of the risk exposure, the contractual 

term plays a central role. There is an empirical rule: the 

longer the time to maturity, the higher the default risk. 

Reversing this rule makes for lessened risk for short 

maturities. The planned repayments of each client as 

well as the remaining term of the recognized 

receivables as well as the payment schedule are often 

not available ad-hoc and should therefore be an integral 

part of the data collected early on for the model. This 

may be collected by default in the ERP or by querying 

local entities’ reporting package. 

 

For companies with a heterogeneous client base or 

extremely small clients, IFRS 9 offers the possibility of 

grouping these together into separate risk portfolios, 

so-called clusters. A cluster will have similar risk 

characteristics, such as region, industry or historical 

payment behavior thus allowing the creation of 

homogeneous risk clusters, which in the model will 

only be looked at the level of the cluster when doing 

the valuation. Clustering also allows a reduction of the 

amount of data. A partially globalized look may be 

acceptable if materiality thresholds are respected. 

All of the data named so far may be gathered internally, 

so now, let’s turn to the data that has to be gathered 

externally in a last step: Client rating/scoring and 

especially the probability of default expressed as a 

percentage. The PD has to be properly allocated to 

each client or risk cluster and the terms have to be 

calibrated accordingly. In addition, the corporation 

should obtain a confirmation from the data service 

stating the factors (especially regarding forward-looking 

information) that are being included in the 

determination as this information will have to be 

disclosed in the Notes. The grouping into risk clusters 

is also of relevance in view of IFRS 7. 

 

3. Implementation and recognition  

Once the company-internal data on clients, details of 

the receivables and collateral have been gathered and 

possibly grouped in ideal risk clusters and this data is 

then enhanced with the external data, such as ratings 

and probability of default, you will have the information 

necessary to evaluate the credit default. 

 

In practice, usually the following formula is used: 

ECL = EAD * PD * LGD 

[Expected Credit Losses = Exposure at Default * 

Probability of Default * Loss Given Default] 

 

In this equation, LGD (Loss Given Default), i.e. the 

actual losses in receivables in case of default is the 

expected insolvency assets that are no longer 

recoverable. 

 

Calculation examples: 

The corporation holds an uncovered client exposure of 

more than EUR 100m with a residual maturity of 1 

year, where the probability of default for 1 year is 1% 

and where the loss given default is assumed to be 

50%. This makes for expected credit losses of EUR 

0.5m (ECL = 100 * 1% * 0.5). For reasons of 

materiality, no discounting is used in this example. 

 

The first time it is calculated, the expected credit loss is 

expensed in the income statement in an adjustment 

account for the relevant balance sheet item. This item 

is then updated at every balance sheet date. Just as is 

required in IAS 39, specific valuation allowances are 

still recorded every time a loss occurs, despite the ECL. 

 

Integration into processes and systems  

So that the impairment calculation does not remain purely 

theoretical, the implementation should also think of an 

optimal integration of this model into the processes and IT 

systems relevant to the accounting. 

Depending on the ERP environment and the group 

structure, the accounting process could include both 

adjustments at the top in the consolidated balance sheet 

but also a push-down into the local ERP systems. When 

thinking about this, the process efficiency and risk of error 

should be considered. In practice, group accounting often 

collects and models data initially, and then integrates the 

provisioning data against risks centrally using standardized 

ERP reports or reporting systems. Local entities can then 

access this data, thus ensuring a consistent logic when 

applying it and recording their local assets using.  

Practice shows that automation may be challenging when 

using data that is not also used for the annual reports, such 

as client details and contractual terms. In order to avoid 

manual queries and elaborate data mapping, the objective 

should be to integrate data which is regularly collected in a 

standardized manner in the ERP or the reporting package 

for financial statements and Notes. During the 

implementation, it is recommended to discuss not only the 

method but also the integration into the accounting-relevant 

processes, IT systems and the internal control system with 

your external auditor. 

Depending on the availability of data and interfaces with 

external service providers, there may be fully automated 

impairment solutions already available and implementable 

which ensure a high data quality and efficient processes. 

    
The information contained herein is of a general nature and is not intended to address the circumstances of any particular individual or entity. Although we endeavor to provide accurate and timely information, there can be 

no guarantee that such information is accurate as of the date it is received, or that it will continue to be accurate in the future. No one should act on such information without appropriate professional advice after a thorough  

examination of the particular situation. 
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Analytics in Treasury 
Necessity or Mumbo-Jumbo? 

  

 Corporates Treasury 

  

 

Treasury reporting as it currently takes place is probably one of 

the company’s most painful processes with relatively limited 

gains. This is largely due to the fact that so much of it is based on 

manual activity but also on the limited usefulness of analyses. 

The simple data aggregation of yore is in stark contrast to today’s analytics, which ranges from linear 

regressions extracted from simple data cubes to multi-variable algorithms, allowing the forecasting of 

complex risk performance indices. 

The high concentration in quantitative competences in Treasury makes for a high affinity regarding 

analytical methods and applications possible, which is why this department is predestined to step into 

analytics. 

 

So what is meant with (business) analytics? 

A possible definition could be: “Business analytics (BA) is the practice of iterative, methodical 

exploration of an organization's data, with an emphasis on statistical analysis. BA is used by 

companies committed to data-driven decision-making.” BA is thus used for decisions and therefore 

has to happen before the decision is made. However, it also comes into play after the decision has 

been made because it also helps to answer the question whether a decision/measure has brought 

about the expected results and whether the process was effective and efficient. 

 

Therefore, it is unlikely that a daily financing status or a liquidity planning derived from recorded 

receivables, commitments and corporate planning will ever be part of business analytics. 

 

Deriving measures from data becomes possible because data is turned into information which is then 

interpreted and validated for its truthfulness (always subject to a caveat). Moreover, current and past 

data can be reviewed for patterns in order to make the future more predictable. In view of all of the 

imponderabilities of the future, it is the only method for a number of cases. 

 

So what are the fields of application of business analytics? 

 

Business analytics in Treasury  

All of the functions in Treasury could benefit from business analytics, even the compliance function. 

Let’s look at three examples: 

 

1. Liquidity planning 

One of the possibilities of using BA in Treasury is liquidity planning. For certain business 

models, it is quite possible to extrapolate future scenarios by analyzing past streams of 

payments (taking into consideration specific parameters). The fundamental for this is a highly 

granular current cash flow, broken down according to meaningful budget positions, 
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companies and value date. Statistical extrapolations are thus trained and tested for this data. 

A step further on, the model can be enhanced with further source data, which is then 

validated. This data could then predict future business developments, such as economic 

indicators. 

If a predictive cash forecasting model also separates the different currencies used by the 

company, it may also serve as data basis for currency management and to improve hedging 

strategies (e.g. by reducing the hedging amount to be rolled over). At the same time, the 

effectiveness of past hedging measures may be analyzed and systemic errors corrected. 

 

2. Payment operations 

Another possibility for BA is payment operations. For instance, statistical anomalies in 

payment processes may be identified in time and corrected accordingly. An anomaly would 

be identified if unusual payments were made to a specific supplier in addition to normal 

payments, and maybe this payment exceeds a certain threshold and is sent to a new account 

and the payment was made by another employee than the one who normally performs such 

payments. 

 

3. Working capital management 

Working capital management is a rather large topic so it may make sense to include other 

functions here, such as Accounting and Controlling. For instance, working capital 

management often interlinks data relevant to Accounting and Controlling with Treasury-

specific data. The historic development of receivables and commitments, as well as the 

objective of payments bring about understanding of the past. Current order volume and sales 

plans provide a base for future needs and requirements. A common database can therefore 

be used for different purposes and functions. 

 

Rules-based machines or even systems including artificial intelligence are better suited to process all 

of this data simultaneously than a human being. Over time, this allows for more consistent and 

stringent decision-making and the impact of the decisions may be better understood. 

 

If you go a step further, we are already in the world of big data. 

 

Big data analytics is the analysis of large masses of data of different kinds (big data) in order to detect 

hidden patterns, unknown correlations and other useful information. The example for liquidity planning 

above already points in that direction. If one were to use big data analytics here, you would also 

enhance this data with partially unstructured data coming from social media feeds, internet articles, 

forecast data on macro-economic developments or weather data. 

 

Other questions that could also be answered with the help of big data, could be: 

 

- Can information on the most important suppliers and clients be used to measure impact on 

own cash flows thus managing risks this way? 

- Should global corporations use big data analyses to re-route cash and short-term money 

investments in certain countries at certain banks in consideration of risk criteria? 

- Can market signals also be based on unstructured data in order to look at different scenarios 

in medium-term liquidity planning? 

 

In all of these cases it becomes obvious there is less a case made for reducing manual interventions 

but rather for gathering insights, which would not have been possible before due to a lack of 

accessibility and data evaluation options. 

 

However, the current technologies may be too cumbersome for using it with big data to actually get a 

positive use out of it. 

 

How are analytics solutions implemented? 

First of all, the problem has to be rephrased to describe it better. A precise definition including all of 

the relevant (and known) dependencies will help create a complete mapping to the underlying 

business process. 
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In a next step it becomes necessary to create an ideal database for the analytics solution. This could 

be data from a single or several data sources which are included in a data model and which can then 

be used to perform the necessary analyses. The complexity of the statistical forecasting models of 

simple regression models up to modeling of multivariate neuronal networks is freely scalable and is 

based on the required exactitude of the forecast and the data available. 

 

For instance, bank holidays, payment plans or trends can easily be presented for a cash-flow forecast. 

However, if external data should also be integrated in the forecasting model, complex modelling and 

validations would be necessary. For instance, commodity price indicators can have a delayed impact 

on certain plan items of certain entities or even entire countries. In addition, increasing complexity will 

also make the interdependencies less transparent and thus harder to grasp. Understanding the model, 

however, is cardinal because ultimately, it is the user as well as Management that should trust the 

resulting forecasts. 

 

And finally, past and forecasting data should be processed and visualized in an appropriate report so 

that statements and results are immediately recognizable. The business intelligence solution market 

offers various user-friendly applications, even the kind that will not mean a lifelong dependency on 

advisory services. 

 

The economic use should be a given  

Even if the sky is the limit as far as the use for Treasury analytics is concerned and its use is generally 

sensible, it should also be looked at in view of cost/benefit considerations. What does an 

implementation cost and what is the quantifiable use generated with this application? These answers 

will be very different for a business model in the retail industry that is undergoing dramatic changes 

and the thus resulting necessity for a much more precise liquidity planning than for complex exposure 

models involving commodities of a medium-sized food manufacturer. 
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